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Understand the differences in SC and FC of resting state LIM o
networks (RSNs)? between subjects in the AD continuum, CON -
exploiting both traditional statistical techniques and a DMN
multivariate approach called Partial Least Squares (PLS).
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MATERIALS AND METHODS _ %} _ )
Study cohort: 570 subjects obtained from the AD |
Neuroimaging Initiative (ADNI) Phase 3, divided into 245 @‘ In PLS analysis components 3, 9, 10, and 26 exhibited
healthy controls (CN), 135 early mild cognitive impairment statistical differences. For example, Component 3
(EMCI), 125 late mild cognitive impairment (LMCI), 65 AD. seems to show a slight correlation between positive
weights, but a more pronounced anticorrelation
4 o R 4 Resting-State R between positive FC and negative SC weights in DMN.
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Tractography + SIFT2 ) . Pearson Correlation y LiM . & kS squares) impact
ss: | B B = § each pair of RSNs.
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: " statistical Analysis
PLS Analysis Mann-Whitney U Rank Test CON CI— US | ON
\ y (FDR, g<0.05) . . - . .
N / @ While traditional statistical analysis effectively
l captures the progression of SC deterioration, it
- - fails in establishing a clear one-to-one
Components Selection correspondence between FC and SC communities.
Kr‘\j\jﬁ?t'r']\évawsRaaziyei?”' &~ PLS analysis revealed an interconnection between
\_ d SC and FC, therefore it can offer valuable insights
y into this interplay among AD stages. DMN, which
has gathered attention in AD research?, is involved in
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