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Integrated lipidomics 
and proteomics reveal cardiolipin 
alterations, upregulation 
of HADHA and long chain fatty 
acids in pancreatic cancer stem 
cells
Claudia Di Carlo1, Bebiana C. Sousa2, Marcello Manfredi3, Jessica Brandi1, Elisa Dalla Pozza4, 
Emilio Marengo3, Marta Palmieri4, Ilaria Dando4, Michael J. O. Wakelam2, 
Andrea F. Lopez‑Clavijo2 & Daniela Cecconi  1*

Pancreatic cancer stem cells (PCSCs) play a key role in the aggressiveness of pancreatic ductal 
adenocarcinomas (PDAC); however, little is known about their signaling and metabolic pathways. 
Here we show that PCSCs have specific and common proteome and lipidome modulations. PCSCs 
displayed downregulation of lactate dehydrogenase A chain, and upregulation of trifunctional enzyme 
subunit alpha. The upregulated proteins of PCSCs are mainly involved in fatty acid (FA) elongation and 
biosynthesis of unsaturated FAs. Accordingly, lipidomics reveals an increase in long and very long-
chain unsaturated FAs, which are products of fatty acid elongase-5 predicted as a key gene. Moreover, 
lipidomics showed the induction in PCSCs of molecular species of cardiolipin with mixed incorporation 
of 16:0, 18:1, and 18:2 acyl chains. Our data indicate a crucial role of FA elongation and alteration in 
cardiolipin acyl chain composition in PCSCs, representing attractive therapeutic targets in PDAC.

Abbreviations
PDAC	� Pancreatic ductal adenocarcinoma
PCSCs	� Pancreatic cancer stem cells
CSCs	� Cancer stem cells
HADHA	� Hydroxyacyl-CoA dehydrogenase subunit alpha, trifunctional enzyme
CL	� Cardiolipin
FA	� Fatty acid

Pancreatic cancer comprises different types of neoplasia, among which the most common is the infiltrating neo-
plasm named pancreatic ductal adenocarcinoma (PDAC). PDAC arises in exocrine glands of the pancreas1,2 and 
characterises 85% of pancreatic cancer cases. It represents the eleventh most common cancer worldwide3 and the 
seventh leading cause of cancer-related deaths in the world, being on track to become the second most common 
cause of cancer-related deaths by 20301. It is the most lethal cancer with a 5-year survival rate of less than 9%4. 
PDAC is defined as an intractable malignancy for several reasons, but mainly due to lack of early diagnosis and 
effective treatments. Increasing evidence suggests that drug resistance and metastatic capability of PDAC are 
mainly influenced by the presence of highly plastic stem cells within the tumour, known as pancreatic cancer 
stem cells (PCSCs). PCSCs, described for the first time in 20075, represent a small (less than 1%) sub-population 
of undifferentiated quiescent cells6 characterized by self-renewal, unique plasticity and metabolism, and capacity 
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to organize the tumour bulk producing a hierarchy of differentiated cells7. Currently, the origin of cancer stem 
cells (CSCs) is still unknown. Two interrelated models have been proposed to explain the heterogeneity, chem-
oresistance, and aggressiveness of pancreatic cancer8. Firstly, the hierarchical model that proposes CSCs as 
“entities” driving tumour formation, metastasis, chemoresistance, and relapse. Secondly, the stochastic model 
that describes CSCs as “states”, i.e. they can originate from all cancer cells because of accumulated mutations 
or epigenetic changes. PCSCs are characterized by aberrant expression of the embryonic stem cell transcrip-
tion factors, including Oct3/4, Nanog, and Sox29,10, as well as of epithelial-to-mesenchymal transition markers, 
including CDH1 and Zeb16. Recently, by proteomic and metabolomic profiling, our group reported that PCSCs 
obtained from Panc-1 PDAC cell line rely on fatty acid and mevalonate pathways for their survival11. However, 
therapies targeting cancer-associated biosynthetic pathways have not given satisfactory results on overall patient 
survival12, since these do not target either the plastic PCSC sub-population or the transient cells that replenish 
the PCSC pool8.

Despite the importance of a multi-omics characterization of PCSC, in-depth characterization is still deficient. 
In addition to our previous findings11,13 few metabolomics14 and proteomics15–17 studies have been published, 
while no lipidomic analysis has as yet been carried out on PCSCs. Further elucidation of the signaling path-
ways that regulate PCSC growth, survival, and metabolomic plasticity is needed to detect therapeutic targets 
and to explore novel therapeutic approaches against pancreatic cancer18. Therefore, in the current study pro-
teomic and lipidomic analyses were integrated to investigate the signaling and metabolic dysfunctions impli-
cated in the pathophysiology of PCSCs obtained from parental (P) PDAC cell lines. Protein and lipid profiles 
of PCSCs derived from four PDAC cell lines harbouring different genetic backgrounds19, e.g. PaCa3 (p16-met), 
PaCa44 (KRASG12V, p53C176S, p16-met), MiaPaCa2 (KRASG12C, p53R248W, p16-del), and PC1J (KRASG12V, p53R175H, 
SMAD4/DPC4D355G, p16-del) were analysed. To our knowledge, the current work presents the first proteome and 
lipidome investigation of PaCa3, PaCa44, MiaPaCa2, and PC1J CSCs obtained from relative PDAC cell lines. 
The results shown here support the potential of a multiomic approach and contribute to the understanding of 
PDAC biology revealing mitochondrial cardiolipin remodelling, as well as enhanced fatty acid elongation and 
phosphoinositol phosphatase pathways, as promising targets in PCSCs.

Results
PCSCs derived from the four cell lines show different morphological properties.  Considering 
that cancer stem cells grow as spherical formations20, the morphological differences between the four PCSCs and 
P cell lines (PaCa3, PaCa44, MiaPaCa2 and PC1J) were initially investigated. Different growth patterns between 
P and PCSCs were observed (Fig. 1a), with differences in the shape and size of cells. On one hand, the four P cell 
lines grew as adherent cells in monolayers showing an epithelial morphology with intact cell-to-cell contacts. 
On the other hand, PCSCs acquired a mesenchymal morphology forming tumour-spheroids in suspension with 
features that could depend on the cell line of origin.

PCSCs’ expression of stem and quiescent markers.  mRNA levels of genes related to stemness (i.e. 
OCT3/4, SOX2, and NANOG), cell cycle (CYCLIN B1) and Wnt signaling (FRIZZLED 2, FZD2) were evaluated. 
Figure 1b shows that OCT3/4, SOX2 and NANOG genes were upregulated in PaCa3, PaCa44, and MiaPaca2 
CSCs compared to their respective P cell lines. However, no significant (p < 0.05) mRNA level differences of 
stemness genes were detected for PC1J CSCs. Therefore, protein expression of CSC markers was evaluated by 
immunoblotting in the four P cells and PCSCs. The results show that Oct3/4 was not detectable in either PCSCs 
or P cells (data not shown); whilst Sox2 and Nanog were induced in PaCa3, PaCa44, and PC1J CSCs. Moreover, 
not observable levels were established in MiaPaCa2 for both P and CSC cell lines (Fig. 1c). The mRNA expres-
sion of CYCLIN B1 and FRIZZLED 2 (FZD2) genes was also investigated (Fig. 1d). The results showed a decrease 
of CYCLIN B1, and an increase of FZD2 in all the four PCSCs compared to P cell lines.

PCSCs show upregulation of HADHA and dysregulated lipid‑metabolism‑related path‑
ways.  Possible dysregulated signaling and metabolic pathways of PCSCs were investigated by performing 
proteomics and lipidomics analyses. Comparing the quantitative proteome levels between PCSCs and P cells 
revealed a total of 121, 186, 212, and 235 proteins differentially expressed in PaCa3, PaCa44, MiaPaCa2, and 
PC1J CSCs, respectively (Supplementary Table  S1). Dysregulated proteins among the different PCSCs were 
examined and are presented in a Venn diagram in Fig. 2a. Six proteins emerged as dysregulated in all the four 
PCSCs, where trifunctional enzyme subunit alpha (HADHA, aka hydroxyacyl-CoA dehydrogenase subunit 
alpha) and voltage-dependent anion-selective channel protein 2 (VDAC2) were upregulated. In contrast, hetero-
geneous nuclear ribonucleoprotein A/B Isoform 2 (HNRNPAB) and L-lactate dehydrogenase A chain (LDHA) 
had a lower expression in all the PCSCs compared to P cells. LDHA and HADHA modulation was also moni-
tored by immunoblotting (Fig. 2b). Western blot results indicated that LDHA and p-LDHA were downregulated 
in PCSCs, whilst HADHA upregulation was detected in MiaPaca2 and PC1J CSCs. Proteomics results revealed 
that upregulated proteins of PCSCs were mainly mitochondrial proteins and are particularly involved in meta-
bolic pathways and lipid metabolism (Supplementary Table S2). The significantly enriched KEGG pathways (p 
value < 0.05) of upregulated proteins in PCSCs related to lipid metabolism, including FA elongation and biosyn-
thesis of unsaturated FAs, are reported in Fig. 2c. In particular, the pathways in which HADHA is involved are 
indicated by an asterisk.

PCSCs display induction of long chain fatty acids and lipid droplets.  The lipid profile of all four 
pairs of PCSCs and P cells was obtained, and a total of 755 lipid species were quantified. Principal component 
analysis (PCA) of the fold-change of PCSCs/P ratio showed that all the cell lines cluster away from each other 
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Figure 1.   PCSCs grow as spheroids and have dysregulated levels of stemness and quiescence related markers. 
(a) Bright-field microscopy of P cells (upper lane) and PCSCs (bottom lane) obtained after 2 weeks of culture 
(× 20 magnification). Scale bar = 50 and 25 μm for P cells and PCSCs, respectively. (b) Histogram representation 
of q-PCR analysis of OCT3/4, SOX2, and NANOG gene expressions. (c) Immunoblotting assay of Sox2 and 
Nanog protein expressions. The blots were cropped to focus upon the specific proteins indicated. The full-length 
blots are presented in Supplementary Figure S1. (d) Histogram representation of q-PCR analysis of mRNA 
expression of cyclin B1 and FZD2 gene expressions. Results are reported as means ± standard error (SE) of three 
independent biological replicates; p < 0.05 (*), p < 0.01 (**), p < 0.001 (***), p < 0.0001 (****).
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(Fig. 3a) indicating that certain discriminating features are detectable at the lipid level. Lipid subclasses and spe-
cies dysregulated in PCSCs are all reported in Supplementary Table S3 and Supplementary Figure S2. The results 
show a general increase in FAs in PCSCs as compared to P cells. Modulation of FA intracellular levels were evalu-
ated in PCSCs and P cells by a colorimetric enzymatic assay, showing the statistically significant (p < 0.05) accu-
mulation of FAs in Paca44, MiaPaca2, and PC1J CSCs (Fig. 3b). Although a trend of increase was also detected in 
Paca3 CSCs. The FA results obtained by LC–MS showed a trend towards increased levels of long (16–20 carbons) 
and very long (≥ 22 carbons) chain FAs in PCSCs as compared to P cells (Fig. 3c).

Figure 2.   PCSCs display downregulated LDHA, upregulated HADHA, and some specific lipid pathways 
dysregulated. (a) Venn diagram of identified proteins dysregulated in PCSCs in comparison to P cells in the four 
cell lines (p value ≤ 0.05; fold change ± 1.5). (b) Immunoblotting assay of HADHA, LDHA and p-LDHA proteins. 
β-actin was used as a loading control in Western blot analysis. The blots were cropped to focus upon the specific 
proteins indicated. The full-length blots are presented in Supplementary Figure S1. (c) The significantly enriched 
KEGG pathways (p value < 0.05) of the upregulated proteins in PCSCs that are related to lipid metabolism. The 
asterisk indicates the pathways in which HADHA is involved.
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Figure 3.   Accumulation of fatty acids and lipid droplets in PCSCs. (a) Principal component analysis (PCA) 
of lipid profile of PaCa3, PaCa44, MiaPaCa2, and PC1J CSCs against P cells. Analysis of FAs as detected by (b) 
FFA Quantification kit and (c) LC–MS/MS-based lipidomics (bars show mean fold change ± 95% confidence 
intervals). (d) Representative confocal microscopy images of PCSCs and P cells labelled with Oil Red O (red) 
to detect LDs, and with DAPI (blue) to highlight nuclei. Measure of (e) number and (f) size (as volume, μm3) of 
LDs obtained following imaging cells (data are presented as means ± standard error (SE) of three independent 
experiments); (g) analysis of CE + TG content (normalized on PC) detected by LC–MS/MS-based lipidomics 
(bars show mean fold change ± 95% confidence intervals). p < 0.05 (*) and p < 0.0001 (****).
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LC–MS results also showed an increase of some neutral lipids in PCSCs, therefore cells were imaged using 
confocal microscopy to evaluate lipid droplets (LDs) properties (Fig. 3d). A trend of induction, in either number 
(Fig. 3e) or volume (Fig. 3f) of LDs was detected in all the four PCSCs. Lipidomic analysis showed a trend of 
increased content of two major lipids of LDs, TG and CE, in all the PCSCs except for Paca3 CSCs (Fig. 3g) which, 
however, seems to be characterized by a greater number of LDs.

Phosphoinositide signaling and fatty acid elongation are peculiar pathways of PCSCs.  The 
lipidomics analysis performed by BioPAN revealed active pathways and related genes for each PCSCs (Table 1). 
BioPAN combines current knowledge of lipid metabolism with a statistical analysis framework, by comparing 
two biological conditions to identify activated or suppressed pathways, and presents the results in an interac-
tive graphical display, ranking the reactions using Z-score values. Each gene activates or supresses enzymes 
catalysing lipid metabolic pathways (Supplementary Figure S3), and a Venn diagram representation was used to 
show overlapping between these genes (Fig. 4a). The results highlighted 14 common genes involved in pathways 
predicted as active in all four PCSCs compared to P cells. Among these, thirteen (i.e., SYNJ1, SYNJ2, SACM1L, 
MTMR1, MTMR2, MTMR3, MTMR4, MTMR6, MTMR7, MTMR8, MTMR9, MTMR14, and PTEN) encode for 
phosphoinositide lipid phosphatase proteins, and one for the fatty acid elongase-5 (ELOVL5).

As concerning the substrates and the products of phosphoinositide lipid phosphatases, a statistically signifi-
cant increase (at 95% CI) in the levels of phosphatidylinositol (PI) in PaCa3, MiaPaCa2 and PC1J CSCs was 
observed (Fig. 4b). In addition, the levels of phosphatidylinositol monophosphate (PIP) appeared to be not 
statistically significant (at 95% CI) changed, whilst the levels of phosphatidylinositol diphosphate (PIP2) showed 
a 1.2 and two-fold statistically significant decrease in MiaPaCa2 and PC1J CSCs.

Based on the proteomics results, FA elongation and biosynthesis of unsaturated FAs emerged as key pathways 
for PCSCs, therefore the role of the elongases and desaturases was also investigated in the FA metabolism (Sup-
plementary Figure S4). Genes associated with the biosynthesis of FAs, among which ELOVL5, are also included in 
Table 1. As concerning products of the catalytic activity of Elovl5, a general increase in long and very long-chain 
unsaturated FAs was detected in PCSCs, with the exception of PaCa44 CSCs (Fig. 4c–f). In particular, statistically 
significant (at 95% CI) increased levels of FAs 18:1, 20:2, 20:3, 22:4 were detected in MiaPaca2 and PC1J CSCs, 
and of FA 20:4 in Paca3, MiaPaca2 CSCs.

PCSCs are characterized by alteration in cardiolipin acyl chain composition.  CL molecular spe-
cies, which could contain fatty acyl chain incorporation of C18:1, C18:2, and C16:0 are shown in Fig. 4c–f. A 
trend of increase was observed in some CL molecular species of PCSCs. On the contrary, a statistically signifi-
cant decrease (95% CI) of 4.2-fold was only observed in CL 68:2 of PaCa3 CSCs (Fig. 4a). Interestingly, a statisti-
cally significant (95% CI) increase was observed in CL 64:0 (fivefold), CL 64:1 (5.5-fold), CL 66:1 (3.5-fold), and 
CL 66:5 (3.2-fold) in MiaPaCa2 CSCs (Fig. 4c). In addition, a fivefold a statistically significant increment in CL 
66:5 molecular species were detected in PC1J CSCs (Fig. 4d).

Discussion
PCSCs play a crucial role in PDAC initiation and metastasis and are responsible for resistance to chemotherapy 
and radiation, however these cells are still not completely characterized from a molecular point of view. Here 
we find that Sox2, Oct3/4 and Nanog are induced in PCSCs when compared to P cells. These transcriptional 
factors are key players in inducing stemness in cancer cells21. Strangely, we detected increased Sox2 and Nanog 
expression at the protein level, but not at the mRNA level, in PC1J CSCs, which may be explained by different 
half-life and/or degradation rate of mRNAs in these cells as compared to the other PDAC cell lines. On the con-
trary, increased Sox2, Oct3/4 and Nanog expression at mRNA level, but not at the protein level, was detected 
in MiaPaca2 CSCs suggesting that stem cell markers of these cells may have undetectable expression under the 
experimental conditions or a modified epitope which preclude their immunodetection. Our results also show that 
PCSCs have reduced expression of cyclinB1 and induced expression FZD2 at mRNA level. Cyclin B1 plays a key 
role in the transition from the G2 to M phase of the mitotic process, suggesting a G2/M phase arrest of analysed 
PCSCs. Accordingly, it has been reported that some CSCs are slow-cycling quiescent cells22, thus not dividing 
while retaining the ability to re-enter cell proliferation. Whilst the observed increase in FZD2 is in agreement 
with previously reported results that show Fzd2 involvement in the activation of Wnt signaling, a key regulating 
gene in CSCs23 as well as in drug resistance24. Moreover, Fzd2 has been proposed as a novel target for molecular 
therapy of pancreatic cancer25.

Our comprehensive analysis of protein modulation in PCSCs and P cells portrays specific and common 
proteome changes for the four PCSCs, most of which are related to dysregulated lipid-metabolism pathways. 
Interestingly, among these latter are the biosynthesis and metabolism of cholesterol, the main product of the 
already reported mevalonate pathway11. Currently, the debate on PCSC metabolism is still open, as some studies 
revealed PCSCs to be highly glycolysis-dependent6 while others point to oxidative phosphorylation (OXPHOS) 
dependency26. LDHA was found downregulated in all the PCSCs, which is consistent with the OXPHOS as 
energy source in PCSCs rather than glycolysis27. Moreover, LDHA phosphorylation of tyrosine in position 10 
was also evaluated by immunoblotting, as p-LDHA promotes the activity of LDHA and the Warburg effect28, 
demonstrating a downregulation of p-LDHA in PCSCs.

To further dissect the metabolic pathways, a comprehensive analysis of lipid modulations in PCSCs and P 
cells was performed. The findings suggest that PCSCs are characterized by induction of long chain fatty acids 
and accumulation of lipid droplets. Phosphoinositide signaling and fatty acid elongation come off as specifically 
noteworthy pathways in PCSCs. Accordingly, some main genes involved in these pathways were detected: PTEN 
(among many other phosphoinositide lipid phosphatases) and ELOVL5. Pten has a dual-specificity phosphatase 
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Table 1.   BioPAN predicted significantly active reactions chains (Z > 1.645) of lipid class and FA species and 
relative genes for each reaction of PCSC lines.

Reaction chain Z-score Predicted genes

PaCa3 CSCs

SM → Cer 3.014 SMPD2, SMPD3

O-DG → O-PE → P-PE 2.612 CEPT1, TMEM189

PIP2 → PIP → PI 2.211 FIG4, OCRL, INPP5E, PTEN, SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, 
MTMR6, MTMR7, MTMR8, MTMR9, MTMR14, PTEN

O-DG → O-PC 2.074 CHPT1

FA 16:1 → FA 18:1 → FA 20:1 → FA 22:1 → FA 24:1 1.834 ELOVL5, ELOVL6, ELOVL3, ELOVL3, ELOVL3

dhSM → dhCer 1.828 SGMS1, SGMS2

DG → PE 1.673 CEPT1

PC → PS 1.654 PTDSS1

PaCa44 CSCs

FA 16:1 → FA 18:1 → FA 18:2 2.721 ELOVL5, ELOVL6, FADS2

O-PE → P-PE 2.620 TMEM189

dhCer → Cer → SM 2.221 DEGS1, DEGS2, SGMS1, SGMS2, CERT1

O-DG → O-PC 2.022 CHPT1

FA 18:1 → FA 18:2 1.930 FADS2

dhCer → dhSM 1.919 SGMS1, SGMS2

O-DG → O-PE → P-PE → P-PC 1.895 CEPT1, TMEM189, PLD1

DG → PE 1.859 CEPT1

PS → PE 1.805 PISD

DG → PC 1.685 CHPT1

PIP → PI 1.667 SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, MTMR6, MTMR7, MTMR8, 
MTMR9, MTMR14, PTEN

MiaPaCa2 CSCs

PIP2 → PIP → PI 3.731 FIG4, OCRL, INPP5E, PTEN, SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, 
MTMR6, MTMR7, MTMR8, MTMR9, MTMR14, PTEN

PIP → PI 2.392 SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, MTMR6, MTMR7, MTMR8, 
MTMR9, MTMR14, PTEN

dhCer → dhSM 2.103 SGMS1, SGMS2

Cer → SM 2.049 SGMS1, SGMS2, CERT1

PIP2 → DG 2.007 PLCB1, PLCB2, PLCB3, PLCB4, PLCD1, PLCD3, PLCD4, PLCE1, PLCG1, PLCG2

PA → DG 1.983 PLPP1, PLPP2, PLPP3

O-LPE → O-LPA 1.944 PLD1

PE → PC 1.941 PEMT

PG → CL 1.821 CRLS1

O-PE → P-PE → P-PC 1.811 TMEM189, PLD1

PA → PS 1.782 CDS1, PTDSS1

PE → PS 1.779 PTDSS2

FA 18:2 → FA 20:2 1.717 ELOVL5

PC1J CSCs

O-DG → O-PC 3.644 CHPT1

PIP2 → PIP → PI 3.129 FIG4, OCRL, INPP5E, PTEN, SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, 
MTMR6, MTMR7, MTMR8, MTMR9, MTMR14, PTEN

PIP2 → DG → PE 2.879 PLCB1, PLCB2, PLCB3, PLCB4, PLCD1, PLCD3, PLCD4, PLCE1, PLCG1, PLCG2, CEPT1

FA 16:0 → FA 16:1 → FA 18:1 → FA 20:1 2.527 SCD3, ELOVL5, ELOVL6, ELOVL3

PIP2 → DG → PC → PA 2.378 PLCB1, PLCB2, PLCB3, PLCB4, PLCD1, PLCD3, PLCD4, PLCE1, PLCG1, PLCG2, CHPT1, PLD1, 
PLD2

FA 18:0 → FA 18:1 → FA 18:2 → FA 20:2 → FA 20:3 → FA 20:4 2.349 SCD1, FADS2, ELOVL5, FADS1, FADS1

DG → PC 2.343 CHPT1

PIP2 → DG → PA 2.265 PLCB1, PLCB2, PLCB3, PLCB4, PLCD1, PLCD3, PLCD4, PLCE1, PLCG1, PLCG2, DGKA, DGKB, 
DGKD, DGKE, DGKG, DGKH, DGKI, DGKK, DGKQ, DGKZ

PIP → PI 2.148 SYNJ1, SYNJ2, SACM1L, MTMR1, MTMR2, MTMR3, MTMR4, MTMR6, MTMR7, MTMR8, 
MTMR9, MTMR14, PTEN

FA 18:0 → FA 18:1 → FA 20:1 → FA 22:1 2.098 SCD1, ELOVL3, ELOVL3

DG → PE 2.022 CEPT1

FA 16:0 → FA 16:1 → FA 18:1 → FA 18:2 → FA 20:2 → FA 20:3 → FA 20:4 1.982 SCD3, ELOVL5, ELOVL6, FADS2, ELOVL5, FADS1, FADS1

O-DG → O-PE 1.949 CEPT1

PIP2 → DG → PC → CL 1.931 PLCB1, PLCB2, PLCB3, PLCB4, PLCD1, PLCD3, PLCD4, PLCE1, PLCG1, PLCG2, CHPT1, TAZ

FA 20:2 → FA 20:3 1.926 FADS1



8

Vol:.(1234567890)

Scientific Reports |        (2021) 11:13297  | https://doi.org/10.1038/s41598-021-92752-5

www.nature.com/scientificreports/

activity: protein and lipid dephosphorylation. As a lipid phosphatase, preferentially dephosphorylates phospho-
inositide substrates, removing the phosphate from phosphatidylinositol 3,4,5-trisphosphate (PIP3), PIP2, PIP and 
inositol 1,3,4,5-tetrakisphosphate (I4P)29,30. In contrast, Elovl5 plays a role in the addition of two carbon units 
to the carboxyl ends of fatty acyl CoA substrates, acting on monounsaturated palmitoleoyl-CoA (C16:1)31 and 
linoleoyl-CoA (C18:2), and participating in the production of very long chain FAs 20:3, 20:4, 22:4 and 22:532,33.

Interestingly, lipid biosynthetic pathway analysis did not show genes in reaction pathways involving Car-
diolipin (CL) as no increased levels were detected; despite the fact that proteomics showed an upregulation of 
HADHA in all the four PCSCs, and a significant enrichment of “acyl chain remodelling of CL” pathway for CSCs 
derived from MiaPaca2 and PC1J cells. CL is a major mitochondrial membrane glycerophospholipid subclass34 
and comprises two diacylglycerol phosphate residues connected by a glycerol backbone and four fatty acyl chains. 
CL is derived from the catalytic activity of Cardiolipin synthase (CRLS) on two units of phosphatidylglycerol 
(PG), but activity of the phospholipase A2 produces monolysocardiolipin, which is the substrate for HADHA. 
Therefore, fatty acyl chain combinations in CL give a wide variety of mature CL species. On the one hand 
HADHA catalyses the last three steps of mitochondrial β-oxidation of FAs, when is accompanied by the β subunit 
(HADB)35. On the other hand, HADHA plays a role in the acylation of monolysocardiolipin to form CL36,37. Thus, 
further analysis of the CL lipid molecular species linked with CL remodelling by HADHA were performed. Our 
lipidomic analysis indicated, for MiaPaCa2 and PC1J CSCs, increased levels of CL molecular species showing 
incorporation of oleoyl-CoA (C18:1), linoleoyl-CoA (C18:2), and palmitoyl-CoA (C16:0). However, not direct 
correlation can be suggested with CL results and HADHA upregulation.

It has been reported that changes in CL molecular species composition has an enormous impact on the 
structural integrity of the inner membrane of mitochondria and on the enzymatic activity of all mitochondrial 
respiratory complexes38,39. These protein complexes can be linked with oxidative stress modulation by reduction 
of superoxide levels, proton pump homeostasis, and energy metabolism40. Therefore, CL plays a critical role in 
oxidative phosphorylation (OXPHOS). During this process, many protons are transported across the mito-
chondrial membrane, causing a pH shift. In this context, CL molecular species function as a proton trap within 
the membranes of this organelle41. Mechanistically, H+ ions interact with PO4− groups of CL to neutralize its 
negative charge and to reduce the size of the hydrate coat around the polar head42. The neutralized CL acquires 
a reverse molecular shape, a non-bilayer packing of CL results, and this leads to inverted micelles accumulating 
near highly-protonated regions of membranes. These non-bilayer structures favour the oligomerization of the 
F0 sector of the ATP synthase complex and act as a proton trap to shuttle protons to the ATP synthase complex 
leading to enhanced energy production42,43. Very little recently published research have shown a prominent 
role for CL alterations in cancer stem cells. Interestingly, it has been shown that inhibition of mitochondrial 
phospholipid production, such as CL, reduces stemness and increases differentiation of acute myeloid leukaemia 
cells44,45. To the best of our knowledge, this is the first time that the changes in CL acyl-chain composition have 
been demonstrated for a solid tumour like PDAC as well as its PCSCs.

In conclusion, a proteomic and lipidomic analysis of pancreatic parental cancer cells and cancer stem cells 
established major differences in the signaling and lipid metabolic pathways between these two cell types. In sum-
mary, the data obtained in this multiomics study showed that alteration of cardiolipin acyl-chain composition, 
fatty acid elongation, and phosphoinositide signaling are specific pathways of PCSCs and potential new targets 
in novel therapeutic strategies for pancreatic cancer.

Materials and methods
Cell culture.  The human PDAC cell lines PaCa3, PaCa44, MiaPaCa2, and PC1J, called parental (P) cells, 
were obtained from American Type Culture Collection (ATCC). These cells were grown in RPMI 1640 media 
supplemented with 10% foetal bovine serum, 2 mM glutamine, and 50 µg/ml gentamicin sulphate (Gibco, Life 
Technologies). Cells were maintained at 37  °C with 5% CO2 for some passages. As previously described by 
Dalla Pozza et al.46, PCSCs were obtained by growing adherent cells in “CSC medium” (i.e. DMEM/F‑12, B27, 
1 g/l glucose, fungizone, penicillin/streptomycin, heparin, epidermal growth factor and fibroblast growth factor) 
for 2 weeks. “CSC medium” was refreshed twice a week with new medium solution and maintained at 37 °C with 
5% CO2. PCSCs were passed through a cell strainer (> 40 μm) to separate cell spheres, followed by examination 
under a light microscope (Axio Vert. A1, Zeiss) at 20 × and 40 × magnifications, prior to spheres collection. The 
cell numbers and viabilities of P cells and PCSCs were determined with the trypan blue exclusion test. Cells with 
viability higher than 85% were pelleted, frozen with liquid nitrogen, and stored at − 80 °C for further analyses.

RNA extraction and qPCR.  Total RNA was extracted from 1 × 106 cells (PaCa3, PaCa44, MiaPaCa2, and 
PC1J parental and stem cells) using TRIzol Reagent (Life Technologies) according to the manufacturer’s instruc-
tions. The extracted RNA was quantified by NanoDrop One (Thermo Fisher Scientific) and checked for integ-
rity loading on 1.5% agarose gel. 1 μg of RNA was reverse transcribed using first-strand cDNA synthesis. The 
real-time PCR reaction was performed according to the protocol of the SYBR‑Green detection chemistry with 
GoTaq qPCR Master Mix (Promega) on a QuantStudio 3 Real-Time PCR System (Thermo Fisher Scientific). The 
sequence of the primers used in this experiment are provided in Supplementary Table S4. The cycling conditions 
used were: 95 °C for 10 min, 40 cycles at 95 °C for 15 s, 60 °C for 1 min, 95 °C for 15 s, and 60 °C for 15 s. Reac-
tions were run in triplicate in three independent biological experiments. Expression data were normalized on 
the housekeeping SDHA and were analysed using the 2−ΔΔCT method.

Protein extraction and LC–MS/MS proteomics analysis.  Identification and quantification of pro-
teome modulation of P cells and CSCs of the four cell lines were performed as previously reported by Brandi 
et al.47. Briefly, cells were collected (three biological replicates for each cell type), washed and lysed in 1X PBS 
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Figure 4.   Increased levels of phosphatidylinositol, fatty acids and cardiolipin molecular species characterize 
PCSCs. (a) Venn diagram representation of genes implicate in active lipid pathways found using BioPAN. (b) 
Log2 ratio (PCSC/P) in the four PDAC cell lines of the values of phosphatidylinositol diphosphate (PIP2), 
phosphatidylinositol monophosphate (PIP), and phosphatidylinositol (PI). Log2 ratio (PCSC/P) in (c) PaCa3, 
(d) PaCa44, (e) MiaPaCa2, and (f) PC1J cells of the FA substrates and products catalysed by Elovl5, including 
FA 16:0 and CL molecular species remodelled by HADHA enzyme. Bars show mean fold change ± 95% 
confidence intervals.
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with protease inhibitors cocktail and 0.1% SDS. Acetone was used for protein precipitation/denaturation fol-
lowed by resuspension in 100 mM NH4HCO3. Protein content was measured by Bicinchoninic Acid Protein 
Assay. Thirty µg of protein extract was subjected to reduction (with dithiothreitol) and alkylation (with iodoacet-
amide), prior to tryptic digestion at 37 °C overnight.

Tryptic peptides were analysed by label-free LC–MS/MS as previously48, performed by using a micro-LC 
system (Eksigent Technologies, Dublin, USA) interfaced with a 5600 + TripleTOF mass spectrometer (AB SCIEX, 
Concord, Canada). Samples were subjected first to data-dependent acquisition (DDA) analysis to generate the 
SWATH-MS spectral library, and then to cyclic data independent analysis (DIA), based on a 25-Da window, 
using three technical replicates of each sample. The MS data were acquired by Analyst TF v.1.7 (AB SCIEX), 
while PeakView v.1.2.0.3, Protein Pilot v.4.2 (AB SCIEX) and Mascot v.2.4 (Matrix Science) programs were used 
to generate the peak-list. The database search was performed using the UniProt/Swissprot (v.2018.01.02, 42271 
sequences entries). Samples were input in the Protein Pilot software v. 4.2 (AB SCIEX, Concord, Canada), with 
the following parameters: cysteine alkylation, digestion by trypsin, no special factors and FDR at 1% were used 
for database search with Protein Pilot, while for Mascot search the following parameters were used: trypsin as 
digestion enzyme, 2 missed cleavages, search tolerance of 50 ppm for the peptide mass tolerance and 0.1 Da for 
the MS/MS tolerance. The charges of the peptides to search for were set to 2 +, 3 + and 4 +, and the search was 
set on monoisotopic mass. The instrument was set to ESI-QUAD-TOF and the following modifications were 
specified for the search: carbamidomethyl cysteines as fixed modification and oxidized methionine as variable 
modification. FDR was fixed at 1%. Peak lists generated by both Protein Pilot and Mascot were compared to 
UniProt/Swissprot (v.2018.01.02, 42271 sequences entries) database. The obtained files from the DDA acquisi-
tions were used for the library generation using a FDR threshold of 1%. Protein quantification was performed 
by PeakView v.2.0 and MarkerView v.1.2. (AB SCIEX) programs by extracting from SWATH files ten peptides 
per protein with the highest MS1 intensity, and ten transitions per peptide. Peptides with FDR lower than 1.0% 
were exported, and up- and downregulated proteins were selected using p value < 0.05 and fold change > 1.5.

Lipid extraction and LC–MS/MS lipidomics analysis.  Lipids extraction and analysis was performed 
as previously outlined49. Briefly, frozen cell pellet lipids were extracted using the Folch method with Chloro-
form/Methanol/Water (2:1:1 ratio). Lipids were dried using a SpeedVac (Savant SP131DDA, Thermo Scientific, 
Runcorn, UK) and re-suspended in Chloroform/Methanol (1:1), prior to injection into a Shimadzu Prominence 
20-AD system (Shimadzu, Kyoto, Japan). Chromatographic separation was achieved using a Waters Acquity 
UPLC C4 (100 × 1 mm, 1.7 μm particle size) column (Milford, MA, U.S.A.). The column was kept a 45 °C and 
7 μl of samples were eluted using a mobile phase composed of solvent A (water) and B (acetonitrile), each con-
taining 0.025% formic acid. The gradient started at 45% B for 5 min, then increased to 90% B for 5 min, and 
100% B was reached after an additional 10 min and held for 7 min before re-equilibration at 45% B for 5 min. The 
flow rate was maintained at 100 μl/min. Accurate mass (with an error below 5 ppm) was acquired on an Orbitrap 
Elite mass spectrometer (Thermo Fisher Scientific, Waltham, MA, USA). Source parameters for positive polarity 
were: capillary temperature 275 °C; source heater temperature 200 °C; sheath gas 10 AU; aux gas 5 AU; sweep 
gas 5 AU. Source voltage was 3.8 kV. Full scan spectra in the range of m/z 340–1500 were acquired at a target 
resolution of 240,000 (FWHM at m/z 400). Manual inspection of the results was carried out using Xcalibur and 
further processed using Lipid Data Analyzer (LDA) 2.7.0_2019 software50.

Targeted analysis of lysolipids, Cer, and dhCer, was performed using a QTRAP 6500 LC–MS/MS System 
(AB SCIEX) operating in MRM mode. Quantification of multiple species of ceramides was carried out by the 
integration of the peak area as normalized against the peak area of the non-endogenous odd-chain ceramide 
C17:0. C17 was present at a known concentration and served as the internal standard (IS). Collision energy (CE) 
was optimized previously.

Thirtyfive lipid subclasses were identified, including alkenyl-acylphosphatidylcholine (P-PC), alkenyl-
acylphosphatidylethanolamine (P-PE), alkyl-acylglycerol (O-DG), alkyl-acylphosphatidylcholine (O-PC), 
alkyl-acylphosphatidylethanolamine (O-PE), alkyl-triacylglycerol (O-TG), cardiolipin (CL), ceramides (Cer), 
cholesterol (CH), cholesterol ester (CE), diacylglycerol (DG), dihydroceramides (dhCer), dihydrosphingomyelin 
(dhSM), free fatty acids (FA), phosphatidic acid (PA), phosphatidylcholine (PC), phosphatidylethanolamine (PE), 
phosphatidylglycerol (PG), phosphatidylinositol (PI), phosphatidylserine (PS), sphingomyelin (SM), sphingosine 
(SG), triacylglycerol (TG), lysophosphatidic acid (LPA), lysophosphatidylcholine (LPC), lysophosphatidyletha-
nolamine (LPE), lysophosphatidylglycerol (LPG), lyso phosphatidylinositol (LPI), phosphatidylserine (LPS), 
alkenyl-lysophosphatidylcholine (P-LPC), alkenyl-lysophosphatidic acid (P-LPA), alkyl-lysophosphatidyleth-
anolamine (O-LPE), alkyl-lysolysophosphatidylcholine (O-LPC), phosphatidylinositolmonophosphate (PIP), 
phosphatidylinositoldiphosphate (PIP2), phosphatidylinositoltriphosphate (PIP3).

Lipid relative quantitation levels were calculated using the R-studio (v3.2.4) software51 (https://​www.R-​proje​
ct.​org) with in-house built scripts. Statistical comparison between the P cells and PCSCs was performed using 
the paired t-test (p < 0.005), principal component analysis (PCA), and log2 ratio transformation of PCSCs versus 
parental lipid levels.

Bioinformatics analysis of omics data.  Bioinformatics analysis of proteomic data was performed as 
previously described52. Briefly, to characterize the function of proteins, gene ontology (GO) annotation, KEGG 
and Reactome pathways enrichment analyses were performed using STRING v.11.0 (http://​string-​db.​org)53. The 
differentially expressed proteins were analysed for candidate functions and pathways enrichment, setting Homo 
sapiens as taxonomy, p < 0.05 and gene count > 2 as cut-off point.

Lipid profile levels obtained from the four PCSCs and P cells were loaded into an open access tool BioPAN, 
on LIPID MAPS Lipidomics Gateway (https://​lipid​maps.​org/​biopan/)54. BioPAN provides Z-scores (Z > 1.645 

https://www.R-project.org
https://www.R-project.org
http://string-db.org
https://lipidmaps.org/biopan/
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at p < 0.05) using substrate and product lipid levels and integrate a list of genes, which could be involved in the 
activation or suppression of enzymes catalysing lipid metabolic pathways.

Western blot analysis.  Western Blot analysis was performed as previously described55. Briefly, proteins 
were resolved on 12% SDS–PAGE gels and transferred to PVDF membrane. After transferring proteins onto 
PVDF membranes, Amido Black 1X Staining Solution was used to confirm equal protein loading in different 
lanes. The membranes were blocked with 5% non-fat dry milk in 0.1% Tris-buffered saline (TBS)/Tween-20 and 
incubated with primary antibodies diluted as reported in Supplementary Table S5, at 4 °C overnight. Once incu-
bation with secondary antibodies was carried out, detection by enhanced chemiluminescence was performed. 
The chemiluminescent signal was acquired through a ChemiDoc MP Imager (Bio-Rad) using the Image Lab 
5.2.1 software (Bio-Rad).

Confocal fluorescence microscopy.  CSCs and P cells were grown on a L-lysine coverslip inside a 24-well 
plate and incubated at 37 °C (5% CO2) for lipid droplets (LDs) staining. Supernatant was removed and, after 
washing with PBS, cells were fixed using 8% formaldehyde, for 10 min at room temperature. After fixation and 
washing, cells were incubated with Oil Red O (Bio-Optica) for 20 min at room temperature. Thus, cells were 
washed again, treated with 0.1% Triton X-100 and 1% bovine serum albumin for 15 min at room tempera-
ture, and stained with DAPI (4′,6-diamidino-2-phenylindole nuclei stain, dilution 1:1000; Sigma Aldrich) for 
30 min for nuclei visualization. Samples were scanned by a confocal microscope (Leica TCS SP5 AOBS) using 
416 nm and 545 nm lasers under a 40 × oil objective. The images were analysed using Leica Application Suite X 
3.7.0.20979 software. Imaris X64 9.1.0 software to generate z- and three-dimensional projections for the analysis 
of lipid LDs shape and volume. Twenty images per sample were recorded and LDs were counted manually using 
the ImageJ multipoint tool after background correction. Detected LDs were normalized per cell nucleus. Statisti-
cal analysis (t-test) was performed to identify significant changes.

Assessment of free fatty acids levels.  The levels of free fatty acid were determined using a FFA Quan-
tification Kit (MAK044, Sigma Aldrich) according to the manufacturer’s instructions. Briefly, cells were lysed 
in 1% Triton X-100 in chloroform (w/v) and centrifuged at 13,000 × g for 10 min to remove insoluble debris. 
The organic phase was collected, dried on 50 °C dry bath for 20 min, fatty acid assay buffer was added and then 
dissolved by extensive vortex mixing. After that, absorbances for individual wells were read at 570 nm using a 
microplate reader, and values reported as μM FFA/million cells.

Data availability
Data are available via ProteomeXchange with identifier PXD023069, username: reviewer_pxd023069@ebi.ac.uk, 
password: HE4R6eQ3.

Received: 17 February 2021; Accepted: 15 June 2021

References
	 1.	 Ying, H. et al. Genetics and biology of pancreatic ductal adenocarcinoma. Genes Dev. 30, 355–385. https://​doi.​org/​10.​1101/​gad.​

275776.​115 (2016).
	 2.	 Ryan, D. P., Hong, T. S. & Bardeesy, N. Pancreatic adenocarcinoma. N. Engl. J. Med. 371, 1039–1049. https://​doi.​org/​10.​1056/​

NEJMr​a1404​198 (2014).
	 3.	 Rawla, P., Sunkara, T. & Gaduputi, V. Epidemiology of pancreatic cancer: Global trends, etiology and risk factors. World J. Oncol. 

10, 10–27. https://​doi.​org/​10.​14740/​wjon1​166 (2019).
	 4.	 Siegel, R. L., Miller, K. D. & Jemal, A. Cancer statistics, 2019. CA Cancer J. Clin. 69, 7–34. https://​doi.​org/​10.​3322/​caac.​21551 

(2019).
	 5.	 Li, C. et al. Identification of pancreatic cancer stem cells. Cancer Res. 67, 1030–1037. https://​doi.​org/​10.​1158/​0008-​5472.​CAN-​06-​

2030 (2007).
	 6.	 Ambrosini, G. et al. Progressively de-differentiated pancreatic cancer cells shift from glycolysis to oxidative metabolism and gain 

a quiescent stem state. Cells https://​doi.​org/​10.​3390/​cells​90715​72 (2020).
	 7.	 Perusina Lanfranca, M. et al. Metabolism and epigenetics of pancreatic cancer stem cells. Semin. Cancer Biol. 57, 19–26. https://​

doi.​org/​10.​1016/j.​semca​ncer.​2018.​09.​008 (2019).
	 8.	 Hermann, P. C. & Sainz, B. Jr. Pancreatic cancer stem cells: A state or an entity?. Semin. Cancer Biol. 53, 223–231. https://​doi.​org/​

10.​1016/j.​semca​ncer.​2018.​08.​007 (2018).
	 9.	 Herreros-Villanueva, M., Bujanda, L., Billadeau, D. D. & Zhang, J. S. Embryonic stem cell factors and pancreatic cancer. World J. 

Gastroenterol. 20, 2247–2254. https://​doi.​org/​10.​3748/​wjg.​v20.​i9.​2247 (2014).
	10.	 Mimeault, M. & Batra, S. K. Molecular biomarkers of cancer stem/progenitor cells associated with progression, metastases, and 

treatment resistance of aggressive cancers. Cancer Epidemiol. Biomark. Prev. 23, 234–254. https://​doi.​org/​10.​1158/​1055-​9965.​
EPI-​13-​0785 (2014).

	11.	 Brandi, J. et al. Proteomic analysis of pancreatic cancer stem cells: Functional role of fatty acid synthesis and mevalonate pathways. 
J. Proteom. 150, 310–322. https://​doi.​org/​10.​1016/j.​jprot.​2016.​10.​002 (2017).

	12.	 Adamska, A., Domenichini, A. & Falasca, M. Pancreatic ductal adenocarcinoma: Current and evolving therapies. Int. J. Mol. Sci. 
https://​doi.​org/​10.​3390/​ijms1​80713​38 (2017).

	13.	 Brandi, J. et al. Secretome protein signature of human pancreatic cancer stem-like cells. J. Proteom. 136, 1–12. https://​doi.​org/​10.​
1016/j.​jprot.​2016.​01.​017 (2016).

	14.	 Nomura, A. et al. Microenvironment mediated alterations to metabolic pathways confer increased chemo-resistance in CD133+ 
tumor initiating cells. Oncotarget 7, 56324–56337. https://​doi.​org/​10.​18632/​oncot​arget.​10838 (2016).

	15.	 Dai, L. et al. Quantitative proteomic profiling studies of pancreatic cancer stem cells. J. Proteome Res. 9, 3394–3402. https://​doi.​
org/​10.​1021/​pr100​231m (2010).

	16.	 Zhu, J., Nie, S., Wu, J. & Lubman, D. M. Target proteomic profiling of frozen pancreatic CD24+ adenocarcinoma tissues by immuno-
laser capture microdissection and nano-LC–MS/MS. J. Proteome Res. 12, 2791–2804. https://​doi.​org/​10.​1021/​pr400​139c (2013).

https://doi.org/10.1101/gad.275776.115
https://doi.org/10.1101/gad.275776.115
https://doi.org/10.1056/NEJMra1404198
https://doi.org/10.1056/NEJMra1404198
https://doi.org/10.14740/wjon1166
https://doi.org/10.3322/caac.21551
https://doi.org/10.1158/0008-5472.CAN-06-2030
https://doi.org/10.1158/0008-5472.CAN-06-2030
https://doi.org/10.3390/cells9071572
https://doi.org/10.1016/j.semcancer.2018.09.008
https://doi.org/10.1016/j.semcancer.2018.09.008
https://doi.org/10.1016/j.semcancer.2018.08.007
https://doi.org/10.1016/j.semcancer.2018.08.007
https://doi.org/10.3748/wjg.v20.i9.2247
https://doi.org/10.1158/1055-9965.EPI-13-0785
https://doi.org/10.1158/1055-9965.EPI-13-0785
https://doi.org/10.1016/j.jprot.2016.10.002
https://doi.org/10.3390/ijms18071338
https://doi.org/10.1016/j.jprot.2016.01.017
https://doi.org/10.1016/j.jprot.2016.01.017
https://doi.org/10.18632/oncotarget.10838
https://doi.org/10.1021/pr100231m
https://doi.org/10.1021/pr100231m
https://doi.org/10.1021/pr400139c


12

Vol:.(1234567890)

Scientific Reports |        (2021) 11:13297  | https://doi.org/10.1038/s41598-021-92752-5

www.nature.com/scientificreports/

	17.	 Matsukuma, S. et al. Calreticulin is highly expressed in pancreatic cancer stem-like cells. Cancer Sci. 107, 1599–1609. https://​doi.​
org/​10.​1111/​cas.​13061 (2016).

	18.	 Di Carlo, C., Brandi, J. & Cecconi, D. Pancreatic cancer stem cells: Perspectives on potential therapeutic approaches of pancreatic 
ductal adenocarcinoma. World J. Stem Cells 10, 172–182. https://​doi.​org/​10.​4252/​wjsc.​v10.​i11.​172 (2018).

	19.	 Moore, P. S. et al. Genetic profile of 22 pancreatic carcinoma cell lines. Analysis of K-ras, p53, p16 and DPC4/Smad4. Virchows 
Arch. 439, 798–802. https://​doi.​org/​10.​1007/​s0042​80100​474 (2001).

	20.	 Weiswald, L. B., Bellet, D. & Dangles-Marie, V. Spherical cancer models in tumor biology. Neoplasia 17, 1–15. https://​doi.​org/​10.​
1016/j.​neo.​2014.​12.​004 (2015).

	21.	 van Schaijik, B., Davis, P. F., Wickremesekera, A. C., Tan, S. T. & Itinteang, T. Subcellular localisation of the stem cell markers OCT4, 
SOX2, NANOG, KLF4 and c-MYC in cancer: A review. J. Clin. Pathol. 71, 88–91. https://​doi.​org/​10.​1136/​jclin​path-​2017-​204815 
(2018).

	22.	 Davis, J. E. Jr., Kirk, J., Ji, Y. & Tang, D. G. Tumor dormancy and slow-cycling cancer cells. Adv. Exp. Med. Biol. 1164, 199–206. 
https://​doi.​org/​10.​1007/​978-3-​030-​22254-3_​15 (2019).

	23.	 Kahn, M. Wnt signaling in stem cells and cancer stem cells: A tale of two coactivators. Prog. Mol. Biol. Transl. Sci. 153, 209–244. 
https://​doi.​org/​10.​1016/​bs.​pmbts.​2017.​11.​007 (2018).

	24.	 Yin, P. et al. Fzd2 contributes to breast cancer cell mesenchymal-like stemness and drug resistance. Oncol. Res. 28, 273–284. https://​
doi.​org/​10.​3727/​09650​4020X​15783​05202​5051 (2020).

	25.	 Tomizawa, M. et al. Frizzled-2: A potential novel target for molecular pancreatic cancer therapy. Oncol. Lett. 7, 74–78. https://​doi.​
org/​10.​3892/​ol.​2013.​1681 (2014).

	26.	 Valle, S. et al. Exploiting oxidative phosphorylation to promote the stem and immunoevasive properties of pancreatic cancer stem 
cells. Nat. Commun. 11, 5265. https://​doi.​org/​10.​1038/​s41467-​020-​18954-z (2020).

	27.	 Heeschen, C. & Sancho, P. More challenges ahead-metabolic heterogeneity of pancreatic cancer stem cells. Mol. Cell. Oncol. 3, 
e1105353. https://​doi.​org/​10.​1080/​23723​556.​2015.​11053​53 (2016).

	28.	 Fan, J. et al. Tyrosine phosphorylation of lactate dehydrogenase A is important for NADH/NAD(+) redox homeostasis in cancer 
cells. Mol. Cell. Biol. 31, 4938–4950. https://​doi.​org/​10.​1128/​MCB.​06120-​11 (2011).

	29.	 Costa, H. A. et al. Discovery and functional characterization of a neomorphic PTEN mutation. Proc. Natl. Acad. Sci. U. S. A. 112, 
13976–13981. https://​doi.​org/​10.​1073/​pnas.​14225​04112 (2015).

	30.	 Vandeput, F., Backers, K., Villeret, V., Pesesse, X. & Erneux, C. The influence of anionic lipids on SHIP2 phosphatidylinositol 
3,4,5-trisphosphate 5-phosphatase activity. Cell. Signal. 18, 2193–2199. https://​doi.​org/​10.​1016/j.​cells​ig.​2006.​05.​010 (2006).

	31.	 Green, C. D., Ozguden-Akkoc, C. G., Wang, Y., Jump, D. B. & Olson, L. K. Role of fatty acid elongases in determination of de novo 
synthesized monounsaturated fatty acid species. J. Lipid Res. 51, 1871–1877. https://​doi.​org/​10.​1194/​jlr.​M0047​47 (2010).

	32.	 Leonard, A. E. et al. Cloning of a human cDNA encoding a novel enzyme involved in the elongation of long-chain polyunsaturated 
fatty acids. Biochem. J. 350(Pt 3), 765–770 (2000).

	33.	 Ohno, Y. et al. ELOVL1 production of C24 acyl-CoAs is linked to C24 sphingolipid synthesis. Proc. Natl. Acad. Sci. U. S. A. 107, 
18439–18444. https://​doi.​org/​10.​1073/​pnas.​10055​72107 (2010).

	34.	 Liebisch, G. et al. Update on LIPID MAPS classification, nomenclature and shorthand notation for MS-derived lipid structures. 
J. Lipid Res. https://​doi.​org/​10.​1194/​jlr.​S1200​01025 (2020).

	35.	 Wang, C. et al. Elevated level of mitochondrial reactive oxygen species via fatty acid beta-oxidation in cancer stem cells promotes 
cancer metastasis by inducing epithelial-mesenchymal transition. Stem Cell Res. Ther. 10, 175. https://​doi.​org/​10.​1186/​s13287-​
019-​1265-2 (2019).

	36.	 Taylor, W. A. et al. Human trifunctional protein alpha links cardiolipin remodeling to beta-oxidation. PLoS ONE 7, e48628. https://​
doi.​org/​10.​1371/​journ​al.​pone.​00486​28 (2012).

	37.	 Miklas, J. W. et al. TFPa/HADHA is required for fatty acid beta-oxidation and cardiolipin re-modeling in human cardiomyocytes. 
Nat. Commun. 10, 4671. https://​doi.​org/​10.​1038/​s41467-​019-​12482-1 (2019).

	38.	 El-Hafidi, M., Correa, F. & Zazueta, C. Mitochondrial dysfunction in metabolic and cardiovascular diseases associated with car-
diolipin remodeling. Biochim. Biophys. Acta Mol. Basis Dis. 1866, 165744. https://​doi.​org/​10.​1016/j.​bbadis.​2020.​165744 (2020).

	39.	 Pfeiffer, K. et al. Cardiolipin stabilizes respiratory chain supercomplexes. J. Biol. Chem. 278, 52873–52880. https://​doi.​org/​10.​1074/​
jbc.​M3083​66200 (2003).

	40.	 Nolfi-Donegan, D., Braganza, A. & Shiva, S. Mitochondrial electron transport chain: oxidative phosphorylation, oxidant produc-
tion, and methods of measurement. Redox Biol. https://​doi.​org/​10.​1016/j.​redox.​2020.​101674 (2020).

	41.	 Haines, T. H. & Dencher, N. A. Cardiolipin: A proton trap for oxidative phosphorylation. FEBS Lett. 528, 35–39. https://​doi.​org/​
10.​1016/​s0014-​5793(02)​03292-1 (2002).

	42.	 Gasanov, S. E., Kim, A. A., Yaguzhinsky, L. S. & Dagda, R. K. Non-bilayer structures in mitochondrial membranes regulate ATP 
synthase activity. Biochim. Biophys. Acta Biomembr. 586–599, 2018. https://​doi.​org/​10.​1016/j.​bbamem.​2017.​11.​014 (1860).

	43.	 Acehan, D. et al. Cardiolipin affects the supramolecular organization of ATP synthase in mitochondria. Biophys. J. 100, 2184–2192. 
https://​doi.​org/​10.​1016/j.​bpj.​2011.​03.​031 (2011).

	44.	 Seneviratne, A. K. et al. The mitochondrial transacylase, tafazzin, regulates for AML stemness by modulating intracellular levels 
of phospholipids. Cell Stem Cell 24, 621e616-636e616. https://​doi.​org/​10.​1016/j.​stem.​2019.​02.​020 (2019).

	45.	 Seneviratne, A. K., Xu, M. & Schimmer, A. D. Tafazzin modulates cellular phospholipid composition to regulate AML stemness. 
Mol. Cell. Oncol. 6, e1620051. https://​doi.​org/​10.​1080/​23723​556.​2019.​16200​51 (2019).

	46.	 Dalla Pozza, E. et al. Pancreatic ductal adenocarcinoma cell lines display a plastic ability to bidirectionally convert into cancer 
stem cells. Int. J. Oncol. 46, 1099–1108. https://​doi.​org/​10.​3892/​ijo.​2014.​2796 (2015).

	47.	 Brandi, J. et al. Investigating the proteomic profile of HT-29 colon cancer cells after Lactobacillus kefiri SGL 13 exposure using the 
SWATH method. J. Am. Soc. Mass Spectrom. 30, 1690–1699. https://​doi.​org/​10.​1007/​s13361-​019-​02268-6 (2019).

	48.	 Brandi, J. et al. Exploring the wound healing, anti-inflammatory, anti-pathogenic and proteomic effects of lactic acid bacteria on 
keratinocytes. Sci. Rep. 10, 11572. https://​doi.​org/​10.​1038/​s41598-​020-​68483-4 (2020).

	49.	 Zhuang, X. et al. The circadian clock components BMAL1 and REV-ERBalpha regulate flavivirus replication. Nat Commun 10, 
377. https://​doi.​org/​10.​1038/​s41467-​019-​08299-7 (2019).

	50.	 Hartler, J. et al. Deciphering lipid structures based on platform-independent decision rules. Nat. Methods 14, 1171–1174. https://​
doi.​org/​10.​1038/​nmeth.​4470 (2017).

	51.	 R Core Team. R: A Language and Environment for Statistical Computing. https://​www.R-​proje​ct.​org/. (R Foundation for Statistical 
Computing, Vienna, Austria, 2020).

	52.	 Cecconi, D. et al. Runx2 stimulates neoangiogenesis through the Runt domain in melanoma. Sci. Rep. 9, 8052. https://​doi.​org/​10.​
1038/​s41598-​019-​44552-1 (2019).

	53.	 Szklarczyk, D. et al. STRING v11: protein–protein association networks with increased coverage, supporting functional discovery 
in genome-wide experimental datasets. Nucl. Acids Res. 47, D607–D613. https://​doi.​org/​10.​1093/​nar/​gky11​31 (2019).

	54.	 Nguyen, A., Rudge, S. A., Zhang, Q. & Wakelam, M. J. Using lipidomics analysis to determine signalling and metabolic changes 
in cells. Curr. Opin. Biotechnol. 43, 96–103. https://​doi.​org/​10.​1016/j.​copbio.​2016.​10.​003 (2017).

	55.	 Speziali, G. et al. Myristic acid induces proteomic and secretomic changes associated with steatosis, cytoskeleton remodeling, 
endoplasmic reticulum stress, protein turnover and exosome release in HepG2 cells. J. Proteom. 181, 118–130. https://​doi.​org/​10.​
1016/j.​jprot.​2018.​04.​008 (2018).

https://doi.org/10.1111/cas.13061
https://doi.org/10.1111/cas.13061
https://doi.org/10.4252/wjsc.v10.i11.172
https://doi.org/10.1007/s004280100474
https://doi.org/10.1016/j.neo.2014.12.004
https://doi.org/10.1016/j.neo.2014.12.004
https://doi.org/10.1136/jclinpath-2017-204815
https://doi.org/10.1007/978-3-030-22254-3_15
https://doi.org/10.1016/bs.pmbts.2017.11.007
https://doi.org/10.3727/096504020X15783052025051
https://doi.org/10.3727/096504020X15783052025051
https://doi.org/10.3892/ol.2013.1681
https://doi.org/10.3892/ol.2013.1681
https://doi.org/10.1038/s41467-020-18954-z
https://doi.org/10.1080/23723556.2015.1105353
https://doi.org/10.1128/MCB.06120-11
https://doi.org/10.1073/pnas.1422504112
https://doi.org/10.1016/j.cellsig.2006.05.010
https://doi.org/10.1194/jlr.M004747
https://doi.org/10.1073/pnas.1005572107
https://doi.org/10.1194/jlr.S120001025
https://doi.org/10.1186/s13287-019-1265-2
https://doi.org/10.1186/s13287-019-1265-2
https://doi.org/10.1371/journal.pone.0048628
https://doi.org/10.1371/journal.pone.0048628
https://doi.org/10.1038/s41467-019-12482-1
https://doi.org/10.1016/j.bbadis.2020.165744
https://doi.org/10.1074/jbc.M308366200
https://doi.org/10.1074/jbc.M308366200
https://doi.org/10.1016/j.redox.2020.101674
https://doi.org/10.1016/s0014-5793(02)03292-1
https://doi.org/10.1016/s0014-5793(02)03292-1
https://doi.org/10.1016/j.bbamem.2017.11.014
https://doi.org/10.1016/j.bpj.2011.03.031
https://doi.org/10.1016/j.stem.2019.02.020
https://doi.org/10.1080/23723556.2019.1620051
https://doi.org/10.3892/ijo.2014.2796
https://doi.org/10.1007/s13361-019-02268-6
https://doi.org/10.1038/s41598-020-68483-4
https://doi.org/10.1038/s41467-019-08299-7
https://doi.org/10.1038/nmeth.4470
https://doi.org/10.1038/nmeth.4470
https://www.R-project.org/
https://doi.org/10.1038/s41598-019-44552-1
https://doi.org/10.1038/s41598-019-44552-1
https://doi.org/10.1093/nar/gky1131
https://doi.org/10.1016/j.copbio.2016.10.003
https://doi.org/10.1016/j.jprot.2018.04.008
https://doi.org/10.1016/j.jprot.2018.04.008


13

Vol.:(0123456789)

Scientific Reports |        (2021) 11:13297  | https://doi.org/10.1038/s41598-021-92752-5

www.nature.com/scientificreports/

Acknowledgements
This paper is dedicated with sorrow and affection to the memory of Prof. Michael J. O. Wakelam who died 
prematurely in March 2020. C.D.C. and AFLC acknowledge the hard work of Greg West during this project as 
Research Associate at the Lipidomics Facility in the Babraham Institute in 2019, while C.D.C spent her intern-
ship time. This work was supported by FUR of the MIUR Ministry or Education, University and Research (Italy) 
and by the AGING Project—Department of Excellence—DIMET, Università del Piemonte Orientale”. Thanks to 
“Centro Piattaforme Tecnologiche” of University of Verona (Italy).

Author contributions
D.C., M.P., M.W., A.F.L.-C., I.D., E.M., C.D.C. conceived and designed the experiments; C.D.C., B.S., M.M., J.B., 
E.D.P., A.F.L.-C. performed the experiments; C.D.C., B.S., A.F.L.-C., M.M., D.C. analysed the data; D.C., E.M., 
M.P. funding acquisition; D.C. and A.F.L.-C. wrote the original draft paper; C.D.C., B.S., M.M., E.M., J.B., E.D.P., 
I.D., M.P. critically revised the manuscript; D.C. has primary responsibility for final content.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​021-​92752-5.

Correspondence and requests for materials should be addressed to D.C.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2021

https://doi.org/10.1038/s41598-021-92752-5
https://doi.org/10.1038/s41598-021-92752-5
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Integrated lipidomics and proteomics reveal cardiolipin alterations, upregulation of HADHA and long chain fatty acids in pancreatic cancer stem cells
	Results
	PCSCs derived from the four cell lines show different morphological properties. 
	PCSCs’ expression of stem and quiescent markers. 
	PCSCs show upregulation of HADHA and dysregulated lipid-metabolism-related pathways. 
	PCSCs display induction of long chain fatty acids and lipid droplets. 
	Phosphoinositide signaling and fatty acid elongation are peculiar pathways of PCSCs. 
	PCSCs are characterized by alteration in cardiolipin acyl chain composition. 

	Discussion
	Materials and methods
	Cell culture. 
	RNA extraction and qPCR. 
	Protein extraction and LC–MSMS proteomics analysis. 
	Lipid extraction and LC–MSMS lipidomics analysis. 
	Bioinformatics analysis of omics data. 
	Western blot analysis. 
	Confocal fluorescence microscopy. 
	Assessment of free fatty acids levels. 

	References
	Acknowledgements


